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All sailors know that there are conditions that affect their performance on sailing  
days, notably wind speed and direction, currents and tides to name but a few.  
When conditions are ideal, most sailors tend to do well, as conditions work in their 
favour. However, when conditions are challenging, only more skilful sailors will be  
able to perform well. 
In the same way, active managers add more value in particular market environments. 
Our analysis finds that two key variables in defining these environments are market 
correlation and dispersion of returns. When the two variables are favourably aligned, 
active managers, on average, outperform their respective benchmarks by a wider 
margin. By contrast, active managers underperform noticeably when these variables 
are unfavourable. This, however, is the acid test for active managers, the time when it 
becomes clear who can demonstrate their skill by navigating successfully through both 
types of environments and who will end up becalmed.

Defining the ideal environment 
Active equity managers have often been criticised for 
failing to beat their benchmarks. Moreover, even when they 
do, they often find it hard to maintain their performance. 
Indeed, as we see in Figure 1, there is cyclicality in when 
fund managers are successful.

In this paper, we try to understand the determinants of 
these cycles. We are not attempting to analyse whether 
active managers add value overall but, instead, whether 
the chances of success are linked to underlying drivers.  
We find that two key factors have been useful in identifying 
the conditions where active managers, on average, 
struggle or thrive: correlation (the divergence of  
returns) and dispersion (the differences in returns).

Our analysis covers four equity markets: the UK, Japan, 
emerging markets and the US. We have specifically looked 
at correlation and dispersion at stock level. Of course, 
correlation and dispersion of returns can be looked at on 
other levels as well, such as across sectors, regions, assets 
etc. We comment on this later in the paper.

The correlation and dispersion metrics have been calculated 
on a rolling 30-day basis, which in turn gives us a monthly 
correlation and dispersion series. There are three reasons 
for assessing data over this short horizon. First, it enables 
us to capture as many data points as possible. Second,  
it limits the possibility that the analysis is distorted by 
external factors, especially broad market movements,  
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Figure 1: Seeing cycles – percentage of UK funds that outperform their benchmarks 

Source: Schroders, Morningstar. Data as at 31 March 2017.
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such as quantitative easing (QE), oil price fluctuations and 
so forth. Third, and probably most importantly, in this paper 
we are interested in isolating any potential factors that can 
explain the cyclicality in active management, not whether 
active management adds value over long periods.

Finally, we define ‘low’ and ‘high’ correlation/dispersion by 
comparing each calendar month’s correlation/dispersion to 
their respective long-term averages. In Figure 2, we show 
the correlation and dispersion of UK stocks relative to their 
long-term averages. So, if either the correlation or dispersion 
line is above/below the zero line, the metrics are above/
below their long-term averages. 

We outline some of the main events during the highlighted 
periods to put these environments into context:

1) Low correlation, high dispersion (2000/01): The bursting 
of the Dot-com bubble saw significant falls in technology 
stocks (high dispersion) but the rest of the market was 
less affected (low correlation).

2) Low correlation, low dispersion (2004/05): Technology 
and telecommunication stocks were still struggling  
but their losses were much less than the early 2000s.  
The rest of the market was on an upward trend but 
stocks were moving at different rates to each other.

3) High correlation, high dispersion (2008/09): The global 
financial crisis (GFC) and Eurozone crisis had a large 
negative impact on the whole market. Everything fell in 
value but some stocks fell much further than others.

4) High correlation, low dispersion (2015/16): Concerns 
about a possible slowdown in China buffeted all stocks  
in tandem, as all had been beneficiaries of quantitative 
and monetary easing.

Evidently, there are a number of different environments 
that can be derived using these two metrics. We define this 
more closely in Figure 3, where we show the proportion of 
time each of the four markets spent in each environment. 
In the rest of the paper, we will look at the excess returns 
of active managers in each of these environments. 
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Figure 2: Defining investment environments in the UK market

Period analysed is 1997 to 2016 using FTSE350 constituents, rebalanced annually. Source: Datastream and Schroders.
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UK 57% 43% 63% 37% 21% 27% 36% 16%
Japan 54% 46% 59% 41% 24% 29% 31% 17%
Emerging 
markets

62% 38% 61% 39% 31% 30% 31% 9%

US 60% 40% 70% 30% 17% 27% 43% 13%

Figure 3: How frequently do environments appear?

Periods analysed: Japan and US, 1990 to 2016; UK, 1997 to 2016; emerging markets, 1995 to 2016. Based on constituents of following indices: UK, FTSE 350; Japan, FTSE Japan; 
emerging markets, MSCI Emerging Markets;  US, S&P500. Constituents are rebalanced annually. Source: Schroders, Datastream.

Methodology
To calculate the cross-stock correlation and dispersion measures, we rebalanced the list of stock constituents for 
each market on an annual basis. This took into account constituent changes throughout the year and reduced the 
survivorship bias compared to calculating the correlation and dispersion metrics on a select group of stocks only.  
We also omitted any stocks that were delisted during the year and stocks that had no reported data for more than  
five consecutive trading days.
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The average active manager
We began our research by looking at returns for active 
managers in the UK market. When we grouped average 
excess returns1 according to the different combinations  
of ‘low’ and ‘high’ correlation and dispersion outlined in 
Figure 3, some interesting patterns arose. 

As Figure 4 shows, the average active manager performed 
better when either correlations were low or dispersion was 
high. Of these two, low correlation appeared to be the more 
important factor. Intuitively, this makes sense: skilful active 
managers are more likely to outperform when markets 
distinguish the winners from the losers more clearly. By the 
same token, excess returns are likely to be even higher if the 
difference between the winners and losers is large. It is no 
surprise then that excess returns are highest when both low 
correlation and high dispersion conditions are present (fifth 
column of Figure 4). To reiterate, active managers have 
performed well when correlations in the market have 
been low and dispersion of returns has been high.

On the other hand, active managers have performed  
worst when correlation and dispersion were both high.  
This environment mostly occurred during the depths of 
crises, suggesting the average active manager possess 
insufficient skill to filter out stocks likely to fall less far 
when all stocks are falling together. We came to a different 
conclusion for ‘good’ managers, as described later.

A global perspective
The pattern of returns for average managers of Japanese 
and emerging market assets (Figure 5(a) and (b)) is virtually 
identical to that in the UK. The low correlation and high 
dispersion conditions prove to be the most congenial for 
active managers and optimal when they coincide. 

For the US (Figure 6), our analysis found that active 
managers successfully generated positive excess returns 
when correlations were low and dispersion high, but 
underperformed in virtually all other environments. 

Dispersion is a better indicator of outperformance than 
correlation in the US, contrary to what we have seen elsewhere.
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Figure 4: Average UK managers’ monthly excess returns 

Period analysed: 1997 to 2016. Based on FTSE350 constituents, rebalanced annually. 
Source: Datastream, Morningstar, and Schroders.Source: Datastream and Schroders.
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Figure 5(a) & (b): Average monthly excess returns in 
Japan and emerging markets

Period analysed: Japan, 1990 to 2016; emerging markets, 1995 to 2016. Based 
on constituents of FTSE Japan and MSCI Emerging Markets indices respectively, 
rebalanced annually. Source: Datastream, Morningstar and Schroders.

1 The average (monthly) excess returns are based on the average excess returns across all actively managed funds, including those that have failed to survive over time.
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Figure 6: Average US managers’ monthly excess returns

Period analysed: 1990 to 2016. Based on constituents of the S&P500 Index, rebalanced 
annually. Source: Datastream, Morningstar and Schroders.
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The good active manager
So does our analysis imply that investors should reduce 
exposure to active managers when they anticipate 
that correlation and/or dispersion are going to be 
unfavourable? Our analysis so far has been based on the 
average active manager but it would be helpful to know 
whether this cyclicality persists for good active managers. 
In this case, we associate ‘good’ active managers with 
the top quartile of monthly excess returns in each 
environment. Like the ‘average’ manager, the ‘good’ 
manager may consist of different managers from  
month to month2. 

Turning back to the UK, the excess returns of ‘good’ 
managers split by environments are shown in Figure 7.  
A notable observation from the chart is that the 
excess returns of ‘good’ managers are positive in all 
environments. While the magnitude of these returns 
varies across the environments, the fact that excess 
returns are all positive implies that there is potential for 
good managers to continue to outperform, even when 
conditions prove unfavourable. These managers still do 
best in the low correlation, high dispersion environment 
but, contrary to the average experience, they do least  
well in a high correlation, low dispersion world. This is 
arguably when stock selection skills are least effective  
as the difference in returns between winners and  

losers is minimal3. We suggest some practical applications 
on how to identify good managers using persistency of 
returns in the next section.

As compared to the average manager, the ‘good’ manager 
does much better in the high correlation, high dispersion 
environment. A possible explanation is that good 
active managers have sufficient skill to avoid the worst 
performers when all prices are falling. 

A way of further confirming ‘good’ managers’ skill is by 
looking at the relationship between excess returns and our 
cross-stock correlation and dispersion measures (Figure 8). 
The numbers in the table essentially reflect the strength 
of the relationships between excess returns and the two 
metrics. Thus, a more positive number implies a stronger 
positive relationship and a more negative number implies a 
stronger negative relationship. The table shows the average 
UK manager’s excess returns have a fairly strong negative 
relationship with cross-stock correlations, but a weak 
positive relationship with dispersion. As well as performing 
better when correlations are low and dispersion high, this 
indicates that the performance of the average active UK 
equity manager improves when correlations fall and/or 
dispersion rises, with correlation the dominant driver. 

Predicting environments
Our analysis so far benefits from hindsight to the extent 
that we have compared correlations and dispersions 
with long-term averages that effectively extend into 
the future. Thus, for instance, investors in Japanese 
equities in 2000 could not assess if correlation and/or 
dispersion was above or below the 1990-2016 average. 
To overcome this hindsight bias we also carried out 
the same analysis but compared correlations and 
dispersions with their one-year moving average rather 
than their long term average. In other words, we looked 
at whether the past year’s correlation and/or dispersion 
could explain subsequent excess returns. Most of our 
conclusions held. The pattern of returns in the UK and 
Japan were identical to when the analysis was conducted 
using long-term averages. The same conclusions also 
held for the US, although total excess returns in each 
environment were noticeably lower. In other words, 
recent experience of correlations and dispersions can 
be useful when predicting whether active managers are 
likely to outperform in the near term.

The biggest exception was emerging markets, where 
these relationships do not appear to hold at all. Counter-
intuitively, excess returns were highest following periods 
when dispersion was low and correlations did not seem 
to have much effect. In other words, it would appear 
to be more challenging for emerging market investors 
to use the recent past to form a view on whether active 
management can add value. One possible explanation 
for this discrepancy could lie in the diversity of the 
emerging market universe, which is made up of multiple 
countries, markets, currencies and factors.
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Figure 7: Excess returns of ‘good’ active managers  
in the UK

Period analysed: 1997 to 2016. Based on FTSE350 Index constituents, rebalanced 
annually. Source: Datastream, Morningstar and Schroders.

2  Both of these managers are therefore purely theoretical constructs rather than being investable or reflecting the experience any individual investor would 
have experienced.

3  Interestingly, our research also showed that ‘bad’ managers (represented by the bottom quartile of monthly excess returns) do best when dispersion is low 
for the opposite reason: making bad decisions matters less in this environment.
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Figure 8: Relationship of excess returns with 
correlation and dispersion in the UK

This shows the correlation between excess returns and respectively cross-stock 
correlations and dispersion. Period analysed: 1997 to 2016. Based on the FTSE350 Index 
constituents, rebalanced annually. Source: Datastream, Morningstar and Schroders.
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On the other hand, the performance of a ‘good’ manager 
has a stronger positive relationship with dispersion than 
a negative one with cross-stock correlations. This not only 
reflects ‘good’ managers’ superior ability to pick stocks, but 
also their lack of reliance on low correlations to add value.

The pattern depicted in Figures 7 and 8 is virtually identical for 
Japan, emerging markets and the US. The short answer to the 
question posed at the beginning of this section is therefore 
no: investing in active management need not be cyclical 
as there are good active managers that possess the skill to 
outperform, even when market conditions are not ideal.  

Is persistency skill?
A crucial question to ask at this point is whether the  
skill of active managers is linked to the ability to  
perform consistently well across different environments? 
We believe that truly skilful managers are able to perform 
well in both favourable and challenging conditions.  
In addition, the knowledge of how managers have  
done across different environments could be used  
as part of the manager selection process.

To show this, we looked at the funds that have been able 
to deliver the most consistent  outperformance during the 
low correlation, high dispersion (favourable) environments 
and the high correlation, low dispersion (challenging) 
environments. In each case, we identified the 100 funds 
that most frequently outperformed. The 100 ‘most 
persistent’ funds in the favourable environment generated 
positive excess returns 85% of the time, whereas the top 
100 in the challenging environment outperformed only 
61% of the time (Figure 9). 

We then looked at how much overlap there was between 
these lists, i.e. how many of the 100 funds that most 
persistently outperformed in the favourable environment 
also featured in the top 100 for the challenging 
environment. 32 funds passed this test. The bottom row of 
Figure 9 shows that these 32 funds have an almost identical 
success rate as the top performers in both the favourable 
and challenging environments. This suggests that there 
is a group of skilful fund managers that has been able to 
persistently outperform its benchmarks in both favourable 
and challenging conditions. Identifying these managers 
ahead of time (i.e. ex-ante) is no trivial task. This is an area 
that we are still actively researching.

Figure 9: Frequency of UK managers outperforming in 
favourable and challenging environments

Favourable 
(Low correlation, 
high dispersion)

Challenging 
(High correlation, 
low dispersion)

Top 100 most 
persistent 
managers in each 
environment

85% 61%

Overlapping 32 
managers

86% 62%

Period analysed:1997 to 2016. Source: Morningstar and Schroders.

 
We also compared the excess returns of these ‘persistent’ 
funds (including the overlapping managers) with our 
theoretical constructs of ‘good’ and ‘average’ managers 
(Figure 10). While the performance of the persistent groups 
was slightly lower than the good managers, their returns 
were clearly above average. 

Calculating correlation and dispersion on a  
cross-sector basis
As outlined at the beginning of the paper, all correlation 
and dispersion statistics have been calculated at a cross-
stock level. When we re-ran the analysis at a cross-sector 
level, the pattern of returns was broadly similar. However, 
the total excess returns in each environment were slightly 
lower, suggesting that there are fewer opportunities to 
outperform when managers are constrained to investing 
in sectors. 

The only notable difference was the distribution of  
excess returns of the ‘average’ Japanese manager, for 
whom inter-sector dispersion matters slightly more 
than inter-sector correlation. Curiously, Japanese equity 
funds also do well in a high inter-sector correlation 
and dispersion environment, which is opposite to 
observations at the stock level. This pattern is largely 
a result of technology and telecommunication sectors 
significantly skewing the results with phenomenal 
returns during the tech bubble in the late 1990s.  
During that time, the market as a whole was on an 
upward trend, but managers who were overweight 
in these sectors saw their performance considerably 
outpace the market. 
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Period analysed: 1997 to 2016. Source: Morningstar and Schroders.
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Armed with the knowledge that there are managers 
that have successfully navigated both favourable and 
challenging environments, we can test whether they are 
truly skilful. We tested this by looking at the probability  
of outperformance in consecutive three-year periods.  
For example, if a manager outperformed over the January 
2001 to December 2003 period, we then looked at whether 
the manager also outperformed over the January 2004 
to December 2006 period. The columns on the left-hand 
side of Figure 11 show the results. We can see that the 
average manager (yellow bar) for example, only managed 
to outperform in consecutive periods approximately 25% 
of the time. However, the managers who performed well in 
the favourable environment managed to do this 32% of the 
time and managers who came up top in the challenging 
environment fared even better with 49%. The overlapping 
32 managers had the best result, as they outperformed in 
consecutive periods 52% of the time. 

On the flipside, the average managers underperformed 
in consecutive periods 32% of the time (i.e. if they 
underperformed in one three-year period, they 
underperformed in the next period too), while 
the overlapping managers recorded only 5% 
underperformance. This is important as it shows that 
not only do good managers have a higher chance of 
consecutive outperformance, they have a much smaller 
chance of consecutive underperformance.

It is worth noting that strategies with a strong style bias 
may not come up favourably in this analysis. A value 
strategy, for example, may experience prolonged periods 
of underperformance when the value style is out of favour. 
It would therefore fail the consistency test but this need 
not be a barrier to it delivering strong excess returns in the 
long-run. Consequently, our test of consistency should not 
be considered the final word when assessing the skill of 
a fund manager. What we are proposing is an additional 

tool to supplement the investor toolkit, especially to help 
shed light on the relationship between an active manager’s 
performance and the market environment. 

Identifying good managers is difficult but the odds of 
selecting a truly skilled manager can be favourably skewed 
by looking at how a manager has performed in both 
favourable and challenging environments. If a manager 
has navigated both these environments well, they have a 
better chance of outperforming in the future. The ability 
to perform well in both favourable and challenging 
conditions can therefore be considered a test of skill.
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Source: Schroders, Morningstar. Period analysed is 1990 to 2016.

Conclusion – Implications for investors
We have shown that the extent of an active manager outperforming their benchmark is partly linked to the 
prevailing market environment. Active managers do best, on average, when correlations between stocks are 
low and when the returns between stocks are highly differentiated. This is true for the UK, Europe, Japan and 
even the US. However, they struggle when the reverse is true, especially when correlations are high.

While there is evidence of cyclicality in excess returns, the performance of good active managers suggests that 
investing in active management does not have to be cyclical. Good managers have the ability to perform well 
in both favourable and challenging conditions. These managers tend to do particularly well when dispersion is 
high, as their stock selection skills enable them to pick (or avoid) stocks more astutely. 

Our analysis also demonstrates that there is a group of funds which performs better than their peers in both 
supportive and challenging market conditions. This consistency of returns is to be prized as we have shown that 
these managers have a better chance of producing better long-term returns for investors. Only the most skilful 
pass this test and we believe that assessment against this criterion can form a good starting point of a manager 
selection exercise.
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